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Abstract

While many studies provide insights into the causes of wartime civilian victim-
ization, we know little about how the targeting of particular segments of the civilian
population affects the onset and escalation of armed conflict. Previous research on
conflict onset has been largely limited to structural variables, both theoretically
and empirically. Moving beyond these static approaches, this paper assesses how
state-led civilian victimization targeting members of specific ethnic groups affects
the likelihood of ethnic conflict onset, and the evolutions of conflicts once they break
out. Relying on a new dataset with global coverage that captures the ethnic identity
of civilian victims of targeted violence, we find evidence that the state-led civilian
victimization of particular ethnic groups increases the likelihood that the latter be-
come involved in ethnic civil war. We also find tentative, yet more nuanced, evidence
that ethnic targeting by state forces affects the escalation of ongoing conflicts.
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1 Introduction

In recent years, conflict researchers have made a major effort to understand the relation-
ship between civilian victimization and civil war. We now have a much better under-
standing of why armed actors use violence against civilians and the consequences of this
type of strategy. Focusing on the micro-level, Kalyvas (2006) spearheaded this research
program by treating one-sided violence as a predictable wartime phenomenon, whose
spatial and temporal variation is accounted for by territorial combat dynamics. Other
scholars have identified structural variables such as the type of pre-existing resources as
important determinants of wartime violence (Weinstein 2007a). Following this pioneering
work, scholarly attention to the dynamics of civil wars intensified, including the wartime
consequences of victimization (e.g. Downes 2007; Kalyvas and Kocher 2007; Lyall 2009;
Kocher, Pepinsky and Kalyvas 2011; Condra and Shapiro 2012; Schubiger 2013a).
However, one-sided violence is not only a wartime phenomenon. Victimization also
takes place in peacetime, for example when governments resort to violent repression
of non-violent challengers. In fact, repression could escalate violence and play a role
in the onset of civil war itself. In Syria, for example, the deadly crackdown of pro-
democracy protests by the Syrian regime in 2011 has been widely identified as one of
the key determinants of the country’s rapid descent into civil war (BBC 2017). Thus, to
assess the impact of violent repression on conflict onset and escalation systematically and
on a large scale, it is necessary to study civilian victimization during peaceful episodes.
Indeed, previous attempts to go beyond structural explanations of civil wars have typically
studied such dynamics (Davenport, Armstrong and Lichbach 2006; Young 2013).
Moreover, the focus on micro-level dynamics can be limiting in that it tends to over-
look more aggregate phenomena. If we want to understand the evolution of conflicts in
their entirety, it may not be sufficient to analyze the spatiotemporal distribution of indi-
vidual conflict events, or the effects of counterinsurgency tactics. Going beyond the level
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complex interactions among these actors. When explaining conflict onset, this limitation
becomes even more obvious. In many countries, state-led repression targets particular
groups because of their alleged links to violent or non-violent challengers. Therefore, it
is important to account for processes of mobilization or radicalization that take place at
the level of such groups.

As illustrated by the conflict in the Niger Delta, victimized groups are frequently iden-
tified based on their ethnicity. This conflict started in the early 1990s, when indigenous
ethnic groups in the Niger Delta first protested against the actions of foreign oil corpora-
tions. Although the struggle was initially mainly non-violent, the Nigerian government
increased its repressive measures, resorting in some cases to mass killings. An infamous
example of indiscriminate violence took place in November 1999, when the Nigerian mil-
itary killed hundreds of unarmed civilians in the Ijaw village of Odi, in Bayelsa State
(Human Rights Watch 1999). This event, among others, is said to have played a crucial
role in triggering the armed conflict that broke out around 2004 between the Nigerian
government and several local rebel groups, such as the I[jaw-based Niger Delta People’s
Volunteer Force (NDPVF).

In this paper, we study whether state-led ethnic targeting of civilians affects the out-
break and escalation of conflicts around the globe. We argue that state-led victimization
of ethnic groups increases the risk of civil war by increasing rebel organizations’ pool of
potential recruits. State violence amplifies the injustice felt by these groups by creating
new violent-related grievances, that are qualitatively different from the previous struc-
tural grievances. State repression thus reinforces the idea that violent action is the only
viable path to political change (Goodwin 2001) and increases individual motivation to
participate based on outrage and self-defense (Wood 2003; Mason and Krane 1989; Ka-
lyvas and Kocher 2007; Schubiger 2013a). Therefore, we propose that state-led one-sided
violence against an ethnic group will increase the likelihood that organizations linked to
this group will take up arms against the government. We also posit that state violence
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going conflict, hence contributing to the escalation of civil wars. Further exploration
indicates that this effect should be most pronounced for groups without a prior war his-
tory, or in first-time conflicts. As violence triggers several one-off mechanisms related to
mobilization and organizational patterns, a history of prior conflict lessens the impact of
further ethnic violence by the state.

To test these hypotheses, we draw on the newly collected Ethnic One-Sided Violence
(EOSV) dataset (Fjelde et al. 2017), which records the ethnic identity of victims in
campaigns of one-sided violence around the globe. Using the ethnic group as our unit of
analysis, we address the question of whether targeting civilians along ethnic lines increases
the risk of civil war onset between the government and targeted groups. We also probe
the effect of one-sided violence along ethnic lines on the escalation of ongoing conflicts.
Our results show that targeting civilians from a particular ethnic group implies a higher
risk of civil war onset by armed groups linked to this group in subsequent years. Once
the conflict is under way, such violence makes a deescalation much less likely. However,
these effects are largely driven by first-time ethnic civil wars. In the case of recurring
conflicts, we find no such effect. We conclude that ethnic targeting can be a trigger of
conflict onset and an obstacle to pacification.

This study contributes to the literature on the endogenous origins of civil war which,
by focusing mainly on the strategic incentives of elites, has paid little attention to the
relationship between combat violence and other types of violence. We also contribute to
the literature on the consequences of civilian victimization by analyzing new data at an
intermediate level of analysis, namely that of the ethnic group. This approach overcomes
the limitations of many studies that tend to treat all opposition actors as if they were
unitary.

We proceed as follows. The next section reviews the literature on the relationship
between different types of political violence. We then introduce our argument and outline

our theoretical expectations, followed by a description of the data and our research design.



The following section presents the results. We conclude by discussing the implications of

the results and highlighting the avenues for further research.

2 Previous Research

Because there is little literature on civilian victimization and conflict escalation, we review
three related bodies of research that focus on social movements and the repression-dissent
nexus, the effects of victimization on the origin, evolution, and persistence of revolutions
and civil conflicts, and micro-dynamics of civil wars.

First, the literature on social movements has traditionally analyzed repression as an
important factor that affects the level of contention within countries (Gurr 1970; Tilly
1978; Tarrow 1994). The focus of these studies is mainly on explaining protest activity
rather than civil war. However, this literature has not reached any agreement on the
effect of repression. Theory and empirics suggest two different effects of repression, as it
could both increase dissent by intensifying motivations and decrease it by increasing its
costs.

In a pioneering attempt to resolve the problem of the effect of repression, Lichbach
(1987) argues that dissidents tend to choose between alternative violent and non-violent
methods depending on the costs of each strategy. Since repression raises the cost of
the method currently in use, it will increase the likelihood that dissidents substitute
their method for its alternative. Other accounts of this double-edged effect of repression
explain that it depends on regime type (Gupta, Singh and Sprague 1993), or that short-
term effects are different from long-term ones (Rasler 1996). Putting these theories to
an empirical test, Moore (1998) finds evidence in favor of Lichbach’s (1987) argument.
However, his study only uses data from Sri Lanka and Peru, which limits the external
validity of his findings.

Yet, despite being highly informative about the dynamics of protests, riots and violent
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war onset differs from less dramatic protest events. Davenport, Armstrong and Lichbach
(2006) try to overcome this limitation by applying this approach to the study of civil war
onset. Arguing that structural explanations of war onset (see e.g. Hegre and Sambanis
2006) fail to account for previous state-opposition interactions as the breeding ground
from which wars emerge, they try to identify escalation patterns of low-scale conflicts in
dissident-government interactions. Based on arguably overly aggregated analysis, they
fail to find definite support for specific explanations. In a similar test of whether state-
dissident interactions are able to predict civil war, Young (2013) finds some evidence
for the argument that state repression triggers civil war. Yet, similarly to Davenport,
Armstrong and Lichbach (2006), he aggregates his repression and contention variables at
the country level, which renders the study of dynamics within particular dyadic conflicts
more difficult.

A second body of research that also explores the effects of victimization are the studies
on the origins and evolution of revolutions and civil conflicts. In a seminal contribution,
Goodwin (2001) explains how revolutions are triggered by state policies rather than
merely being the product of material and economic conditions. In particular, he claims
that violent political oppression by state authorities is a crucial catalyst of revolutionary
movements. This helps to explain why some of these conflicts are much more persistent
than others, as repression increases the motivations to fight and blocks alternative, non-
violent methods of political change. This argument resonates with studies that have
argued that indiscriminate violence by the incumbent backfires by increasing civilian
collaboration and the supply of recruits for the rebels, as only selective violence has the
capacity to deter civilians from joining or supporting rebel groups (Kalyvas and Kocher
2007; Kalyvas 2006; Mason and Krane 1989). Highlighting emotional instead of security-
based mechanisms, and showing how grievances build up in reaction to the repressive
response of state authorities, Wood (2003) argues that the moral outrage felt by the
targeted groups increases support for the rebellion. Similarly, Petersen (2002) contends
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of ethnic violence. While highly insightful and important, these studies fail to directly
address the question of whether state violence against civilians increases the risk and
intensity of civil wars.

Finally, the most recent literature that deals with the effect of one-sided violence
focuses on the wartime dynamics of violence. Revisiting an older debate about the ef-
fectiveness of certain counter-insurgency methods (Merom 2003), most of these studies
explore how incumbent violence against civilians may affect armed competition and sub-
sequent insurgent attacks in the short run. Several studies find that state violence against
civilians does in fact increase subsequent levels of insurgent violence (e.g., Condra and
Shapiro 2012), while others have shown that state violence also increases downstream
insurgent territorial control (Kocher, Pepinsky and Kalyvas 2011). However, such effects
have also shown to be contingent on which segment of the population is being targeted
(Condra and Shapiro 2012), and on how much insurgents rely on local civilian support
(Toft and Zhukov 2015). Moreover, indiscriminate violence against civilians has also
been found to have a negative effect on insurgent violence in some contexts (Lyall 2009).
Thus, the debate is far from settled. More recent studies have tried to asses the effects of
wartime state violence by proposing more refined explanations and empirical strategies.
One example is Schubiger (2013a), who uncovers more complex results consistent with a
positive effect of state violence on pro- and counterinsurgent mobilization during war, as
well as a positive effect on the fragmentation of rebel groups. This literature has limi-
tations, however. As argued above, the exclusive focus on wartime dynamics loses sight
of the onset of civil wars, and it is only useful in explaining dynamics of violence once
conflict is already underway.

All in all, much of the existing literature still suffers from a lack of attention to
different types of violence, grouping together events that might not have much in common
(Stanton 2016; Gutiérrez-Sanin and Wood 2017; Kalyvas 2006). Moreover, ethnicity is

largely ignored in many of these accounts, which obscures its important role in defining



social groups, shaping patterns of targeting, and intensifying the moral outrage brought
about by government violence.

Pitching our analysis at an intermediate level of aggregation, we explicitly highlight
the role of ethnicity by linking together the identity of perpetrators, victims, and insur-
gents. Moreover, we explore the role of identity-based targeting in campaigns of one-sided
state violence. Finally, our analysis offers a more general perspective than case-based

studies by focusing on ethnic groups around the globe.

3 Theory

State repression is usually the response to a challenge posed by a non-state actor. The
“law of coercive responsiveness” (Davenport 2007) suggests that the use of repressive
tactics by governments to control dissent constitutes one of the most stable patterns of
violent behavior. In the context of ethnic politics, this challenge may come from an
excluded ethnic group that is trying to redress a situation of political inequality.

Existing research shows that political and economic inequalities along group lines mo-
tivate members of disadvantaged groups to pursue political change. Cederman, Gleditsch
and Buhaug (2013) postulate a causal chain reaching from such horizontal inequalities
to civil war via group-based grievances. The first step of the process, from inequality
to grievances, entails the politicization of existing inequalities, which requires members
of the opposing group to develop a collective identity, compare their status with that of
the ethnic group in power, and blame this unfair situation on state authorities. The for-
mation of widespread grievances facilitates the triggering of a mobilization process that
enables the group to back up its claims with collective action.

Faced with such oppositional pressure, the government needs to decide how to respond.
Either it can accommodate the demands of the ethnic group through negotiation and
compromise, or it can block further action by rejecting the group’s demands. Under

such circumstances, depending on the level of threat and its ideological commitment,



the government may resort to violence. We argue that the government’s use of violence
at this crucial point of the contention process will greatly increase the odds that a civil
war eventually breaks out. Although political discrimination can also lead to civil war,
as the ethnic group will still try to achieve political change, the government’s resort to
one-sided violence increases the likelihood of mutual combat. In fact, the use of violence
by state authorities creates a new situation in which new violence-related grievances and
incentives add to what is already perceived to be an unfair situation that motivated the
challenge in the first place. These violence-related grievances are analytically different
from the original structural grievances that affected previous interactions.

Our reasoning about how violence-related grievances augment and intensify pre-existing
resentment with injustice and inequality builds on previous research by students of social
movements and revolutions. Wood (2003) shows how government violence right before
the outbreak of the Salvadorian Civil War motivated many campesinos (i.e. farm work-
ers) to join the armed insurgency. Although long-felt injustices obviously played a role in
determining participation, a major factor triggering rebellious mobilization was the gov-
ernment’s repressive response to early, and mostly peaceful, challenges posed by social
movements that called for political change. In this case, government violence represents
a “moral shock” (Jasper and Poulsen 1995) that deviated from basic rules of legitimate
government behavior. This shock motivates even those who did not have direct connec-
tions to the victims to engage in violent political action, thus reinforcing the process of
collective identification that takes place in the context of ethnic movements and conflicts.
This could set in motion micro-mobilization processes that facilitate future mobilization
(Opp and Roehl 1990). Most importantly, governmental violence demonstrates that any
alternative, non-violent path to political change is being blocked and that fighting is the
only way forward: “Like political exclusion, indiscriminate state violence against mobi-
lized groups and opposition figures is likely to reinforce the plausibility, justifiability, and
(hence) diffusion of the idea that the state needs to be violently ‘smashed’ and radically
reorganized” (Goodwin 1997, 19).



Beyond outrage and resentment, state-perpetrated violence also provokes fear among
the members of the targeted ethnic group because it is likely to affect the strategic
incentives of both active and potential challengers (Sambanis and Zinn 2005). Particularly
if collectively targeting members of entire identity groups, violent repression will alleviate
the free-riding problem of insurgent collective action (Lichbach 1995), as joining the rebels
could actually reduce the risk of being killed by government forces (Mason and Krane
1989; Kalyvas and Kocher 2007).

Thus, the use of violent repression by governments should increase the risk of civil war
onset. Although repression is usually a direct response to a challenge by the opposition,
the argument does not require that this challenge was initially supported by widely held
grievances. Indeed, even if the challenge resulted from opportunistic elites or grievances
felt only by a small minority, a repressive response by the government will create new
violence-related grievances in an endogenous manner, thus widening and amplifying the
claim advanced by the early challengers, even if they are not genuine or widespread.

In light of this discussion, we state the first hypothesis as follows:

Hypothesis 1: The use of state-led ethnic targeting increases the risk of civil war onset

during the following years.

There are good reasons to believe that the effect of state-led ethnic targeting is not
consistent across time. Previous relations between the ethnic group and the state should
condition the effect of state repression on the risk of civil war onset, which is especially
relevant for the outrage and resentment mechanisms. First, the distinction between
structural and violence-related grievances will be particularly important if the previous
situation did not include mass violations of physical rights. In the absence of past in-
stances of violent conflict, the novel inclusion of violence in the state forces’ repertoire
constitutes a radical change in the rules of game, and thus we should see a corresponding
impact on the group’s decision to fight. If a previous conflict has already taken place,
pre-repression grievances will likely also include past instances of violence, and thus the

immediate impact should be less pronounced.



Second, as outlined above, violence often has a deeply polarizing effect on collective
identities that helps reinforcing the process of collective identifications. Past studies sug-
gest that the effect of wartime violence on collective identities tends to last long after
armed conflicts end (Balcells 2012; Dyrstad 2012), especially in the context of intractable
conflicts (Bar-Tal 2013; Bar-Tal, Halpern and Pliskin 2015; Kahn et al. 2016). If such
lasting polarization occurs, it is less likely that new waves of repression will dramatically
shift allegiances and the dynamics of mobilization in later conflict episodes. This should
apply particularly to the case of ethnically salient social divisions, in which historic rela-
tions between groups often severely constrain the ability of leaders to mobilize followers
and organize groups (Petersen 2002). Therefore, we would expect conflict onset dynamics
to be less dramatically affected by state-led ethnic violence in contexts where identities
are already polarized from prior war.

Following this, we state a second hypothesis:

Hypothesis 2: The positive effect of state-led ethnic targeting on civil war onset is
more pronounced for groups without a prior war history than for those with such a

history.

With regard to the effect of violence on the escalation of already ongoing conflicts,
we build on the same logic and argue that once a civil conflict starts, governmental
repression will exert a similar effect on the course of the conflict. As we have seen,
more has been written on this in recent years than in connection with onset, especially
within the counterinsurgency literature (e.g. Kalyvas 2006; Lyall 2009, 2010; Condra
and Shapiro 2012). However, much of this scholarship has concerned the extent to which
governmental repression is able to reduce or suppress short-term insurgent violence rather
than the likelihood of conflict escalation in the long run.

We postulate that state violence against civilians will intensify the conflict in question.
Both mechanisms outlined above, outrage and defense, should be applicable once armed

conflict erupts. It is reasonable to expect the grievance mechanism to be less pronounced
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during ongoing war, as moral shocks are likely to be less dramatic given that violence is
already being used by both sides. In the context of a civil war, constant political violence
comes to be seen as a normal aspect of civilians’ everyday life. However, ongoing conflicts
may also carry violence to segments of the population previously unharmed, and state
violence typically reaches new, hitherto unmet levels. Moreover, and even if deliberate
civilian victimization may sometimes be difficult to separate from collateral damage,
there is strong evidence that government-led violence against civilians will exacerbate
grievances during war and increase civilian support for insurgent groups (Goodwin 2001;
Wood 2003; Condra and Shapiro 2012; Lyall, Blair and Imai 2013). Hence, and especially
in cases where violence is clearly one-sided and characterized by identity-based collective
targeting against members of particular groups, there is a strong potential for grievance-
based and revenge-driven support for the insurgents that will help them increase their
fighting effort against the state. In short, wartime state violence against civilians can be
expected to exacerbate grievances and create new ones, thereby intensifying ongoing civil
wars.

Previous research suggests that the defense mechanism continues to operate during
wartime, and that it does so even more strongly than before conflict erupts (Goodwin
2001; Kalyvas and Kocher 2007). Indeed, under conditions of collective and indiscriminate
state violence, and once the rebels are fully operating, organized, and armed, being a
member of an insurgent group might be much safer than remaining in civilian life, given
that rebels are typically also more mobile and better informed (Kalyvas and Kocher 2007).
There is further evidence that wartime victimization drives processes of local polarization
that make it even more difficult and dangerous for civilians to stay neutral in times of
ongoing war (Schubiger 2013a; Weidmann and Ziircher 2013; Wood 2008).

In addition to grievances and defense, and partially driven by these dynamics, state
violence against civilians has also been shown to drive insurgent fragmentation. Schu-
biger (2013a, 2014) shows that while state-orchestrated violence against civilians will help

insurgents to enlarge their ranks, civilian victimization also tends to hinder insurgent co-
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ordination as well as mechanisms for screening and indoctrination, thus increasing the
probability of insurgent splits. Such fragmentation, in turn, is likely to further escalate vi-
olence against the government fueled by competition between rebel groups (Cunningham,
Bakke and Seymour 2012; Wucherpfennig 2011). Fragmentation and competition might
also have more indirect effects on escalation, as inter-group rivalry can help insurgent
groups innovate and become more robust (Phillips 2015).

Finally, once combat starts, the government may find itself to be less constrained

Y

by norms or laws, especially if it has to resort to a “national emergency” or it is not a
democratic regime (Valentino, Huth and Balch-Lindsay 2004; Valentino 2014). Fighting
back, the rebels will have to intensify their struggle to protect civilians and to survive.

We capture this reasoning with a second hypothesis:

Hypothesis 3: The use of state-led ethnic targeting during armed conflict increases the

probability that the conflict escalates in intensity during the following years.

As in the context of onset dynamics, we further argue that the impact of state-led
ethnic violence should be mitigated in contexts with a history of prior conflict, particularly
since our theory is focused on ethnic civil wars. We argue above that the effect of violence
on collective grievances and identities weakens in the case of recurring conflicts. Processes
of collective mobilization benefit greatly from violence when it constitutes a breaking
point with the previous context. However, in a context of recurring conflict, the use
of violence is no longer a ‘moral shock.” In addition to this logic, we also emphasize a
dynamics of network consolidations that should be especially relevant for the effect of
state-led violence on ongoing conflict dynamics.

A history of ethnic conflict will likely have formed and consolidated ties between or-
dinary civilians and rebel groups, as well as members of armed networks themselves.
Whereas in new conflicts such networks may still have to be forged, the integration into
strong pre-existing social ties should greatly facilitate the ability of formed rebels to re-

group, organize, and persist (Staniland 2014). Groups with prior exposure to war should
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hence be less affected by external pressures, including state-sponsored violence against
them and their alleged civilian allies. By contrast, newly formed armed groups can be
expected to have the strongest incentives to respond to recruitment surges generated
by state violence, and gain strength and momentum as a result.! At the same time,
and as outlined above, while enabling armed groups to grow quickly in size, such re-
cruitment surges also increase the armed groups’ propensity to fragment, especially in
younger armed groups where pre-existing institutions for screening and indoctrination
are less strong, likewise fostering the intensification of violence (Schubiger 2013a, 2014).
Moreover, newly formed armed groups will have greater incentives to signal their ability
to protect their constituencies, to demonstrate strength, and to swiftly fight back, as their
reputation and support base still have to be built. In the absence of prior ethnic war, we
should hence see the strongest impact of state violence on the escalation of ethnic civil
war.

In short, we argue that collective grievances, identity polarization, and network con-
solidation shape and constrain armed organizations, and thus condition the relationship
between ethnic targeting and conflict escalation as a result. The expected effect is that
subsequent rounds of violence will partly exhaust the effect of state-led violence on these
dimensions, thus weakening its overall effect on the intensity of ethnic civil wars.

We summarize this reasoning in our last hypothesis:

Hypothesis 4: The impact of state-led ethnic targeting on ongoing conflict dynamics

will be more pronounced during the first conflict.

4 Data

To test our hypotheses, we draw on newly collected data, the Ethnic One-Sided Violence
dataset (EOSV) (Fjelde et al. 2017), which is the first dataset that identifies the ethnic

identity of civilians killed by armed actors at a global level. The EOSV dataset links

1On the importance of moving fast during early stages of mobilization, see for example (Weinstein
2007b).
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the UCDP One-Sided Violence dataset (Eck and Hultman 2007) with the information
on ethnic groups from the Ethnic Power Relations (EPR) dataset (Vogt et al. 2015) and
identifies the ethnic identity of the victims of campaigns of one-sided violence around
the globe. In addition, EOSV also identifies whether the armed actor engaged in ethnic
targeting, i.e., cases in which the killings took place in a context of ethnic profiling of the
prospective victims.

We extract our main explanatory variable from this dataset based on a binary vari-
able, Fthnic Targeting, which indicates whether members of a certain ethnic group were
identified among the victims of government-led one-sided violence in a given year and
there is evidence of deliberate ethnic targeting. More specifically, given identified mem-
bers of an ethnic group among the victims, we code whether there is evidence that at
least 50% of the victims per ethnic group, perpetrator, and year, were subject to collec-
tive, identity-based targeting (Gutiérrez-Sanin and Wood 2017) along ethnic lines. Put
differently, for ethnic targeting to be coded as 1 for a given ethnic group and perpetrator
and year, we need direct or indirect evidence that at least half of the victims belong-
ing to that ethnic group were killed in a context that exhibited such targeting patterns.
Direct evidence of ethnic profiling of civilian victims includes for example the explicit
announcement of ethnic targeting by leaders of perpetrating groups, or well-documented
evidence of ethnic targeting gathered by independent human rights organizations on the
ground. Indirect evidence includes, for example, information that only members of par-
ticular ethnic groups were subject to one-sided violence, while other groups engaging in
similar behavior (e.g., participation in protests) were not (for more information see Fjelde
et al. 2017). The variable is coded zero otherwise, regardless of the overall number of
victims belonging to that particular ethnic group. We track whether there was ethnic
targeting during the last year, and include results in the appendix using a coding that
track ethnic targeting during the previous two or five years.

As this new dataset offers information on the victims of OSV events, and the type

of targeting in which the perpetrator engaged, we can link these victims to the civilian
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constituency of rebel groups. To do so, our dependent variable links ethnic groups with
armed rebel organizations. Specifically, we use the ACD2EPR dataset (Wucherpfennig
et al. 2012) to link conflict actors in the UCDP Armed Conflict Dataset (Gleditsch et al.
2002) with EPR ethnic groups (Vogt et al. 2015), and thus code an ethnic group-based
measure of yearly conflict intensity. As we explain below in the analysis section, we
perform two types of empirical tests. First, we examine the effect of ethnic targeting on
conflict onset, using as dependent variable a binary measure of the outbreak of conflict
between an ethnic group and the incumbent government. Following a similar approach
as Cederman, Gleditsch and Buhaug (2013), we drop ongoing conflict observations, and
exclude ethnic groups who enjoy a position of monopoly or dominance. Second, we
estimate a transition model to account for conflict escalation, using an ordinal measure
of conflict intensity as the dependent variable. This variable takes three different values:
0, when there is no conflict ongoing; 1, if there is a low-intensity conflict ongoing, and 2, if
there is a high-intensity conflict ongoing. The difference between low- and high-intensity
conflicts is measured based on the UCDP dataset, and defined in terms of yearly battle
deaths: at least 25 for low-intensity conflicts, and 1000 for high-intensity ones. This
allows us to also use observations of ongoing conflicts and thus to assess in more detail
the conflict dynamics.

To test whether prior ethnic civil war alters the effect of ethnic targeting, we code
additional variables referring to the the previous conflict history. In particular we code
a binary variable, which indicates whether a group has previously experienced armed
conflict, meaning that it is linked to an armed rebel organization that fought against
the government in the past. If it is not, this indicator is set to zero, also for all yearly
observations of the first conflict.?

In addition, we include a number of control variables. We follow Cederman, Gled-

itsch and Buhaug (2013) to provide a baseline model for our analyses. In particular, at

2We also explore another version of this variable that also includes those groups that were involved
in a conflict as incumbents, i.e., had a political status of senior partner, monopoly, or dominant during
an ethnic civil war. As the results for our onset analyses suggested no substantive differences, we report
the former in tables in the appendix.
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the ethnic-group level, we include variables that indicate whether the ethnic group was
excluded from central executive power, whether it was downgraded during the previous
two years, its relative size to the national population, and the number of previous con-
flicts for the non-interaction models. At the country level, we include lagged measures of
population and GDP per capita, as well as a dummy variable indicating whether there

was another conflict ongoing in the same country the previous year.

5 Analysis

In this section we test our four hypotheses. We first check whether ethnic targeting by
state forces increases the risk of civil war onset, and then turn to its effects once conflict
is ongoing. For the onset part, we rely on probit regression models. In the second part
on escalation we use Markov transition models (see Amemiya 1985, 412ff) based on an
ordered probit regression, as we use an ordinal measure of conflict intensity as defined
above. In both cases, we probe whether the effect of ethnic targeting differs in first-time

conflicts as opposed to repeated instances of war.

5.1 Civil War Onset

Table 1 shows the results of a probit analysis of the effect of ethnic targeting by the
government on civil war. In the first column we report the results of a model offering
a direct test of our first hypothesis, while the second model (column 2) comprises the
interaction term with prior war history to allow a test of our second hypothesis.

The first column shows that the effect of ethnic targeting, although positive, fails
to reach significance in the whole sample. Thus, we do not have sufficient evidence to
support hypothesis 1, suggesting that this type of state-led violence does not affect all
cases in the same way.

The second column provides results allowing to test hypothesis 2, which states that

the effect of state targeting should be larger for groups without prior civil war history.
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Table 1: Ethnic targeting (previous year) and conflict onset, probit model

(1) (2)
Ethnic targeting ; 0.263 0.833*
(0.218) (0.325)
Prior conflict 0.417*
(0.109)
Target * Prior conflict —0.736"
(0.407)
Status excluded 0.279** 0.287**
(0.093) (0.093)
Downgraded 0.790*** 0.781**
(0.120) (0.126)
Previous conflicts 0.170**
(0.057)
Log. Population, lag 0.059" 0.053%
(0.030) (0.028)
Log. GDPpc, lag —0.160*** —0.136***
(0.033) (0.032)
Group size 0.534* 0.508*
(0.228) (0.209)
Ongoing conflict, lag 0.330** 0.347*
(0.106) (0.104)
(Intercept) —1.189* —1.395"*
(0.346) (0.322)
Observations 13,508 13,508
Akaike Inf. Crit. 1,124.785 1,123.903

Note: Tp < 0.1; *p < 0.05; **p < 0.01; **p < 0.001
Peace-year correction (linear terms, plus 2nd and
3rd order polynomials) omitted, clustered SE
(country).

17



In this case, we find support for our hypothesis. Ethnic targeting has a positive effect for
those cases without prior war, an effect that decreases once the first civil war has broken
out. The interaction term, however, is only significant at the p = 0.10 level. This result
suggests that ethnic targeting increases the risk of civil war, but only among those groups
that did not fight against the government before.?

The fact that the effect is stronger and significant for groups without prior war history
guards against finding a spurious correlation, as previous conflicts may predict both
previous OSV and current conflict. Although it is difficult to assess the actual causal
impact of ethnic targeting, this result is consistent with our argument.

In the appendix we show results from the same models but measuring the occurrence
of ethnic targeting during a period of two and five years, respectively. Again, the findings
are very similar and in some cases stronger than for the one-year coding. Although we
do not find a significant effect of ethnic targeting in the overall sample, ethnic targeting
seems to have a positive effect on the risk of conflict onset for groups without prior war
history. When conflict erupts, this effect becomes smaller.

As regards the control variables, the table shows results that are consistent with our
expectations and previous research. Political exclusion increases the risk of civil war,
particularly when the group was downgraded in the previous two years. Group size also
shows a positive effect on conflict outbreaks, and so do country-level variables, such as

population, GDP per capita, and ongoing conflicts in the same country.

5.2 Conflict Escalation

We now turn to the test of hypotheses 3 and 4, which state that state-orchestrated ethnic
targeting during conflict makes the intensification of conflict more likely, particularly if it

is the first conflict. As explained above, we use a Markov transition model (see Amemiya

3In the appendix we provide additional analyses for which the prior war indicator does not only account
for war participation as rebel force (as in table 1, but also for prior war participation as incumbent (see
table 7). As the results are largely identical we refrain from using this more broadly defined variable in
the subsequent analyses.
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1985, 412fF) to test these hypotheses. As in this model our dependent variable can take
three values, namely 0 for no conflict, 1 for low intensity conflict and 2 for high intensity
conflict, we estimate an ordered probit model.*

Table 2 reports the results of this model without any interaction with prior conflict,
testing hypothesis 3. We find that ethnic targeting by the government has a significantly
positive effect during peacetime. In other words, this increases the likelihood of conflict
onset.” When a low-intensity conflict is already ongoing this effect is reduced, so that,
in contrast to hypothesis 3, ethnic targeting does not lead to conflict escalation. For
ongoing high-intensity conflicts, we again find a positive effect, yet one that is very far
from reaching statistical significance.

For our control variables we find the expected effects for conflict onset as in the pre-
vious model on onset. For ongoing conflicts, however, some of these effects are reversed.
For example, a downgraded group is much more likely to engage in an ethnic conflict,
but once it is involved in such a conflict, this effect is lessened to be completely reversed
during high-intensity conflicts.

As the results from non-linear models are generally difficult to interpret, and even more
so if they underlie a Markov transition model, we rely on average predictive differences in
probabilities. For this we draw 1000 sets of coefficients from the estimated distribution
and generate predicted probabilities for each of these 1000 sets under different scenarios
(see Gelman and Hill 2007b). More specifically, we generate predicted probabilities for
six scenarios, namely situations of peace, low and high intensity conflict, and each of
these situations either with ethnic targeting or not. All other variables are kept for

6

each observation at their sample values.” We then subtracted the average predicted

4As we encounter some issues of quasi-complete separation mostly linked to the temporal controls,
we employed a Bayesian version of the ordered probit model (see Gelman and Hill 2007a).

5We note that this coefficient is in support of our hypothesis 1, which found little support in our
individual tests reported in table 1. This is due to the fact that in models we report in this latter table,
we exclude observations of ongoing conflicts, which induces a loss of information that the transition
model overcomes.

6The exception to this rule are the peace- and war-years, which were set to values reflective of the
presence or absence of a (low/high intensity) conflict.
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Table 2: Ethnic targeting and conflict evolution, Bayesian ordered probit

Peace;_y  Alow;_; A high,

Ethnic targeting; 0.26™ -0.38** 0.08
(0.10) (0.13) (0.14)
Low intensity conflict;_; 0.31**
(0.12)
High intensity conflict; ; 1.20***
(0.01)
Status excluded 0.20* 0.15 0.13
(0.09) (0.16) (0.25)
Downgraded 0.87** -0.34 -0.87***
(0.13) (0.25) (0.08)
Previous conflicts 0.18*** -0.30*** 0.25
(0.04) (0.06) (0.24)
Log. Population, lag 0.05* 0.06* 0.01
(0.02) (0.03) (0.07)
Log. GDPpc, lag -0.16* 0.15* 0.16
(0.03) (0.05) (0.10)
Group size 0.49* 0.52** -0.48**
(0.18) (0.17) (0.06)
Ongoing conflict, lag 0.31%* 0.62*** 1.20%*
(0.08) (0.14) (0.01)
AIC 2944.21
BIC 3710.14
Log Likelihood -1371.11
Deviance 2742.21
Num. obs. 14522

Note: Tp < 0.1; *p < 0.05; **p < 0.01; *p < 0.001
Model controls for peaceyears (dummies) and
waryears (3 polynomials).
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probabilities from respective scenarios to assess the effect of OSV on nine transition

probabilities depicted in figure 1.

Figure 1: Average predicted differences in probabilities due to governmental ethnic tar-
geting and 95% confidence intervals

Effect of state—led ethnic targeting during peacetime
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Change in transition probabilities

The figure nicely illustrates our substantive findings. First, in line with our first
hypothesis, we find that when governments engage in targeted OSV against an ethnic
group, the likelihood that peace will last decreases (see the top horizontal bar in the

top panel). However, the effect is arguably small. We also find marginal support for
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hypothesis 3. The third panel of figure 1 shows that the average predicted probability
for a high-intensity conflict to remain in that state or in low-intensity form increases as a
consequence of ethnic targeting, although the corresponding confidence intervals fails, just
barely, to exclude the value of zero. Correspondingly, if a government engages in ethnic
targeting, the probability that a high-intensity conflict transitions to peace decreases.

Turning to the conditioning effect of prior war, we estimate the same models including
an interaction between the ethnic targeting variable and the prior-conflict binary variable
defined in the previous section. With regards to the effect of ethnic targeting during
peacetime, we find results coherent with hypothesis 2. The effect is larger and statistically
significant when there is no prior history of conflict, but decreases in subsequent conflict
cycles. During low-intensity conflicts, the effect of state targeting is relatively close to
zero, regardless of whether it is the first conflict or not. During high-intensity conflicts,
however, the effect of state targeting is again positive, particularly during the first conflict,
in line with hypothesis 2.

Adding an interaction term makes the interpretation of these models even more diffi-
cult, so we use the same simulation method to show the average predicted probabilities.
Figure 2 shows the same nine transition scenarios for groups that are during the first
conflict cycle, while figure 3 does so for groups that are in second or subsequent conflict
cycles. In line with hypothesis 2, we can see that the effect of ethnic targeting before
a war breaks out is positive and significant for first-conflict groups, but it disappears
once the first conflict has broken out. Similarly, supporting hypothesis 4, we find that
the the conflict-perpetuating effect of ethnic targeting is larger and reaches statistical
significance for groups that have not yet experienced repeated conflicts, but fails to do so
for the remaining observations. Conversely, the probability that a high-intensity conflict

transitions to peace in these cases is smaller if there was recent ethnic targeting.
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Table 3: Ethnic targeting and prior civil wars, Bayesian ordered probit

Peace;_1 A lowy;_; A high;

Ethnic targeting; 0.86™** -1.05% -0.40*
(0.13) (0.16) (0.19)

Prior conflict 0.47** -0.73 0.10
(0.09) (0.14) (0.23)

Targeting * Prior conflict ~ -0.93*** 1.04*** 0.31%
(0.17) (0.14) (0.07)

Low intensity conflict;_; 0.31*
(0.12)

High intensity conflict; 1.29***
(0.02)

Status excluded 0.21* 0.11 0.15
(0.09) (0.16) (0.25)

Downgraded 0.86*** -0.32 -0.83***
(0.13) (0.25) (0.08)

Log. Population, lag 0.04* 0.08** 0.04
(0.02) (0.03) (0.07)

Log. GDPpc, lag -0.14* 0.13* 0.15
(0.03) (0.05) (0.10)

Group size 0.45* 0.64** -0.37
(0.18) (0.18) (0.06)

Ongoing conflict, lag 0.33*** 0.59** 1.29***
(0.08) (0.14) (0.02)

AIC 2951.62

BIC 3740.29

Log Likelihood -1371.81

Deviance 2743.62

Num. obs. 14522

Note: Tp < 0.1; *p < 0.05; **p < 0.01; *p < 0.001
Model controls for peaceyears (dummies) and
waryears (3 polynomials).
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Figure 2: Average predicted differences in probabilities due to governmental ethnic tar-
geting and 95% confidence intervals, during the first conflict cycle

Effect of state—led ethnic targeting during peacetime (first conflict cycle)
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Figure 3: Average predicted differences in probabilities due to governmental ethnic tar-
geting and 95% confidence intervals, during the second or subsequent conflict cycles

Effect of state—led ethnic targeting during peacetime (second+ conflict cycle)
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6 Conclusion and Outlook

What effect does state violence against civilians have on the onset and escalation of ethnic
civil war? Despite a large body of literature dedicated to the causes and effects of civilian
victimization, this question has so far remained almost completely unaddressed. In this
paper we have argued that state-led targeting of particular ethnic groups increases the
risk of armed conflict onset, and that it will contribute to conflict escalation once armed
hostilities wear on. We also argued that these effects should be particularly strong for
groups that are fighting their first conflict against the government.

We have tested our hypotheses based on a novel dataset that captures the ethnic iden-
tity of victims of one-sided state violence, as well as targeting patterns, around the globe.
Our preliminary findings suggest that state violence against the members of particular
ethnic groups indeed increases the risk of ethnic civil war between the perpetrating gov-
ernments and the targeted groups, particularly when armed conflict has not yet taken
place between that group and the government. In cases of repeated civil wars, the rela-
tionship between ethnic targeting and conflict outbreak becomes much weaker.

When it comes to the effects of deliberate ethnic targeting on conflict escalation, we
find that ethnic targeting during high-intensity conflicts is related to a higher probability
that the conflict remains in such a state, thus making any transition to peace less likely.
Again, this effect is particularly strong during first-time conflicts, and is reduced in the
case of repeated conflicts. During low-intensity conflicts, we do not find clear effects of
state targeting, regardless of prior war history.

There are several ways in which we aim to go forward and improve our study. To start
with, we aim to improve our analysis methodologically by more convincingly addressing
inferential threats. Currently, our analysis does not allow us to conclusively identify
causal effects, as several endogeneity concerns still remain unaddressed. Indeed, while the
comprehensiveness of our data coverage allows us to study patterns of violence and conflict

escalation on a global scale, this broad empirical focus also makes the identification of
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causal relationship particularly challenging. We aim to incorporate more direct strategies
to deal with these issues in future versions.

So far, our aggregate results also do not reveal much about the validity of our theo-
rized causal mechanisms or the potential heterogeneity of the effects. We aim to explore
these issues to a greater extent in future versions as well. For example, previous re-
search has shown that the state-orchestrated collective targeting of particular groups can
lead to the very counterintuitive effect of civilian mobilization against insurgent groups
(Schubiger 2013a,b), an effect not necessarily at odds with those that we theorize above.
Importantly, such micro-level dynamics might be limited to very particular conditions,
and interact with the mechanisms outlined in this paper in complex ways, which makes
it difficult to predict aggregate effects. Similarly, state violence is likely to be effective
in preventing conflict and in suppressing and defeating insurgencies under particular cir-
cumstances as well (Merom 2003; Downes 2007). Indeed, cases such as Sri Lanka suggest
that extreme levels of state violence against civilians can yield conflict-dampening, or even
conflict-terminating, effects. Moreover, our analysis so far excludes insurgent violence,
which likely interacts with state violence in consequential ways. We aim to explore the
heterogeneous effects of state violence and to incorporate the role of insurgent violence

in future versions of the paper to explore such possibilities in greater depth.

27



References

Amemiya, Takeshi. 1985. Advanced Econometrics. Oxford: Blackwell.

Balcells, Laia. 2012. “The Consequences of Victimization on Political Identities: Evidence

from Spain.” Politics & Society 40(3):311-347.

Bar-Tal, Daniel. 2013. Intractable Conflicts: Socio-Psychological Foundations and Dy-

namics. Cambridge: Cambridge University Press.

Bar-Tal, Daniel, Eran Halpern and Ruthie Pliskin. 2015. Why it is so difficult to re-
solve intractable conflicts peacefully? A sociopsychological explanation. In Handbook
of international negotiation: Interpersonal, intercultural and diplomatic perspective, ed.

Mauro Galluccio. Springer pp. 73-92.

BBC. 2017. “Why is there a War in Syria?” April 7.
URL: http://www.bbe. co.uk/news/world-middle-east-35806229

Cederman, Lars-Erik, Kristian Skrede Gleditsch and Halvard Buhaug. 2013. Inequality,

grievances, and civil war. New York: Cambridge University Press.

Condra, Luke N. and Jacob N. Shapiro. 2012. “Who Takes the Blame? The Strategic

Effects of Collateral Damage.” American Journal of Political Science 56(1):167—187.

Cunningham, Kathleen Gallagher, Kristin M Bakke and Lee JM Seymour. 2012.
“Shirts today, skins tomorrow dual contests and the effects of fragmentation in self-

determination disputes.” Journal of Conflict Resolution 56(1):67-93.

Davenport, Christian. 2007. “State repression and political order.” Annu. Rev. Polit. Sci.
10:1-23.

Davenport, Christian, David A Armstrong and Mark Irving Lichbach. 2006. “From moun-
tains to movements: Dissent, repression and escalation to civil war.” Paper presented

at the International Studies Association meeting, March 2006, San Diego.

28



Downes, Alexander B. 2007. “Draining the sea by filling the graves: investigating the
effectiveness of indiscriminate violence as a counterinsurgency strategy.” Civil Wars

9(4):420-444.

Dyrstad, Karin. 2012. “After ethnic civil war: Ethno-nationalism in the Western Balkans.”

Journal of Peace Research 49(6):817-831.

Eck, Kristine and Lisa Hultman. 2007. “Violence Against Civilians in War.” Journal of

Peace Research 44(2):233-246.

Fjelde, Hanne, Livia Isabella Schubiger, Lars-Erik Cederman, Simon Hug and Margareta

Sollenberg. 2017. “Introducing the Ethnic One-Sided Violence Dataset.”.

Gelman, Andrew and Jennifer Hill. 2007a. Data Analysis Using Regression and Multi-

level/Hierarchical Models. New York: Cambridge University Press.

Gelman, Andrew and Jennifer Hill. 2007b. Data Analysis Using Regression and Multi-

level/Hierarchical Models. Cambridge University Press.

Gleditsch, Nils Petter, Peter Wallensteen, Mikael Eriksson, Margareta Sollenberg and
Havard Strand. 2002. “Armed conflict 1946-2001: A new dataset.” Journal of peace
research 39(5):615-637.

Goodwin, Jeff. 1997. Theorizing Revolutions. In State-centered approaches to social rev-

olution, ed. John Foran. London and New York: Routledge pp. 11-37.

Goodwin, Jeff. 2001. No other way out: States and revolutionary movements, 1945-1991.

New York: Cambridge University Press.

Gupta, Dipak K, Harinder Singh and Tom Sprague. 1993. “Government Coercion of

Dissidents Deterrence or Provocation?” Journal of Conflict Resolution 37(2):301-339.

Gurr, T. R. 1970. Why Men Rebel. Princeton: Princeton Univ. Press.

29



Gutiérrez-Sanin, Francisco and Elisabeth Jean Wood. 2017. “What Should We Mean
by “Pattern of Political Violence™ Repertoire, Targeting, Frequency, and Technique.”

Perspectives on Politics 15(1):20-41.

Hegre, Havard and Nicholas Sambanis. 2006. “Sensitivity analysis of empirical results on

civil war onset.” Journal of Conflict Resolution 50(4):508-535.

Human  Rights = Watch.  1999. “The  Destruction of Odi and
Rape in  Choba.” HRW  Report, December 1999, available  at
https://www.hrw.org/legacy /press/1999 /dec/nibg1299.htm  (accessed June 15,
2017.

Jasper, James M and Jane D Poulsen. 1995. “Recruiting strangers and friends: Moral
shocks and social networks in animal rights and anti-nuclear protests.” Social Problems

42(4):493-512.

Kahn, Dennis T., Varda Liberman, Eran Halperin and Lee Ross. 2016. “Intergroup Senti-
ments, Political Identity, and Their Influence on Responses to Potentially Ameliorative
Proposals in the Context of an Intractable Conflict.” Journal of Conflict Resolution

60(1):61-88.

Kalyvas, Stathis N. 2006. The logic of violence in civil war. Cambridge: Cambridge

University Press.

Kalyvas, Stathis N and Matthew Kocher. 2007. “How “Free” is Free-Riding in Civil Wars?”
World Politics 59(2):177-216.

Kocher, Matthew Adam, Thomas B. Pepinsky and Stathis N. Kalyvas. 2011. “Aerial
Bombing and Counterinsurgency in the Vietnam War.” American Journal of Political

Science 55:201-218.

Lichbach, Mark Irving. 1987. “Deterrence or escalation? The puzzle of aggregate studies

of repression and dissent.” Journal of Conflict Resolution 31(2):266-297.

30



Lichbach, Mark Irving. 1995. The rebel’s dilemma. Ann Arbor: The University of Michi-

gan Press.

Lyall, Jason. 2009. “Does indiscriminate violence incite insurgent attacks? Evidence from

Chechnya.” Journal of Conflict Resolution .

Lyall, Jason. 2010. “Do Democracies Make Inferior Counterinsurgents? Reassessing

Democracy’s Impact on War Outcomes and Duration.” International Organization

64:167-92.

Lyall, Jason, Graeme Blair and Kosuke Imai. 2013. “Explaining Support for Combatants
during Wartime: A Survey Experiment in Afghanistan.” American Political Science

Review 107(4):679-705.

Mason, T. David and Dale A. Krane. 1989. “The Political Economy of Death Squads:
Toward a Theory of the Impact of State-Sactioned Terror.” International Studies Quar-

terly 33:175-198.

Merom, Gil. 2003. How Democracies Lose Small Wars: State, Society, and the Failures

of France in Algeria, Israel in Lebanon, and the United States in Vietnam. Cambridge:

CUP.

Moore, Will H. 1998. “Repression and dissent: Substitution, context, and timing.” Amer-

ican Journal of Political Science pp. 851-873.

Opp, Karl-Dieter and Wolfgang Roehl. 1990. “Repression, micromobilization, and politi-

cal protest.” Social Forces 69(2):521-547.

Petersen, Roger D. 2002. Understanding ethnic violence: Fear, hatred, and resentment

in twentieth-century Eastern Furope. New York: Cambridge University Press.

Phillips, Brian J. 2015. “Enemies with Benefits? Violent Rivalry and Terrorist Group

Longevity.” Journal of Peace Research 52(1):62-75.

31



Rasler, Karen. 1996. “Concessions, repression, and political protest in the Iranian revo-

lution.” American Sociological Review pp. 132-152.

Sambanis, Nicholas and Annalisa Zinn. 2005. “From protest to violence: An analysis of
conflict escalation with an application to self-determination movements.” Manuscript,

Yale University.

Schubiger, Livia Isabella. 2013a. “Repression and Mobilization in Civil War: The Con-
sequences of State Violence for Wartime Collective Action.” PhD Thesis. University of

Zurich.

Schubiger, Livia Isabella. 2013b. “State Violence and Counterinsurgent Collective Action:

Evidence from Peru.” APSA Conference, Chicago, September 2013.

Schubiger, Livia Isabella. 2014. “One for All? State Violence and Insurgent Cohesion.”
Paper Prepared for Presentation at the Annual Meeting of the European Political

Science Association, Edinburgh UK, June 2014.

Staniland, Paul. 2014. Networks of Rebellion: Ezplaining Insurgent Cohesion and Col-

lapse. Cornell University Press.

Stanton, Jessica A. 2016. Violence and Restraint in Civil War. Cambridge University

Press.

Tarrow, Sidney. 1994. Power in movement: Social movements and contentious politics.

New York: Cambridge University Press.
Tilly, Charles. 1978. From mobilization to revolution. New York: McGraw-Hill.

Toft, Monica D. and Yuri M. Zhukov. 2015. “Islamists and Nationalists: Rebel Motiva-
tion and Counterinsurgency in Russia’s North Caucasus.” American Political Science

Review 109(2):222-238.

Valentino, Benjamin A. 2014. “Why we kill: The political science of political violence

against civilians.” Annual Review of Political Science 17:89-103.

32



Valentino, Benjamin, Paul Huth and Dylan Balch-Lindsay. 2004. ““Draining the sea™

mass killing and guerrilla warfare.” International Organization 58(02):375-407.

Vogt, Manuel, Nils-Christian Bormann, Seraina Riiegger, Lars-Erik Cederman, Philipp
Hunziker and Luc Girardin. 2015. “Integrating data on ethnicity, geography, and con-
flict: The Ethnic Power Relations Data Set Family.” Journal of Conflict Resolution

59(7):1327-1342.

Weidmann, Nils B. and Christoph Ziircher. 2013. “How Wartime Violence Affects Social
Cohesion: The Spatial-Temporal Gravity Model.” Civil Wars 15(1):1-18.

Weinstein, Jeremy M. 2007a. Inside Rebellion. The Politics of Insurgent Violence. Cam-

bridge: Cambridge University Press.

Weinstein, Jeremy M. 2007b. Inside rebellion: The politics of insurgent violence. New

York: Cambridge University Press.

Wood, Elisabeth Jean. 2003. Insurgent collective action and civil war in El Salvador.

Cambridge: Cambridge University Press.

Wood, Elisabeth Jean. 2008. “The Social Processes of Civil War: The Wartime Transfor-
mation of Social Networks.” Annu. Rev. Polit. Sci. 2008 11:539-561.

Wucherpfennig, Julian. 2011. Fighting for Change: Onset, Duration, and Recurrence of
Ethnic Conflict PhD thesis ETH Zurich.

Wucherpfennig, Julian, Nils W Metternich, Lars-Erik Cederman and Kristian Skrede
Gleditsch. 2012. “Ethnicity, the state, and the duration of civil war.” World Politics

64(1):79-115.

Young, Joseph K. 2013. “Repression, dissent, and the onset of civil war.” Political Research

Quarterly 66(3):516-532.

33



Appendix

Table 6 shows the descriptives statistics for the main variables used in the analyses above.
Table 6 shows how many observations and ethnic groups are included in the sample,
grouped by country.

Table 6 replicates the analyses of table 1, but relying on a coding of prior war including
those fought as the incumbent. Table 7 comprises both of these prior war variables, but
relies tracking ethnic targeting during the previous two years, whereas table 8 does so
during a period of 5 years. As mentioned in the main text, the results hold when looking a
larger temporal windows. While the effect of state targeting is positive but not significant
in the whole sample, the interaction models show how it increases and reaches statistical
significance for those groups prior civil war history. In this case, we find again a weakening
effect of prior conflict.

Tables 9 and 10 repeat the transition model analyses measuring ethnic targeting over
two years. The results are similar to the one-year specification. The positive effect of
ethnic targeting during peacetime has the same size, although it is not significant in
this case. Once conflicts starts, this positive effect disappears, and increases again for

high-intensity conflicts.
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Table 4: Descriptive statistics of main variables

Min Max Mean SD Median Missing obs

Conflict onset 0.00 1.00 0.01 0.10 0.00 1170
Targeting _; 0.00 1.00 0.01 0.12 0.00 628
Targeting ,—;,—o 0.00 1.00 0.02 0.15 0.00 1265
Targeting ;5 0.00 1.00 0.04 0.19 0.00 3120
Status excluded 0.00 1.00 0.63 0.48 1.00 85
Downgraded 0.00 1.00 0.02 0.14 0.00 85
Previous conflicts 0.00 6.00 0.29 0.71 0.00 0
Log. Population, lag 6.14 14.10 10.06 1.90 9.94 103
Log. GDPpc, lag 4.89 11.08 8.26 1.19 8.22 103
Group size 0.00 0.95 0.12 0.18 0.04 0

Ongoing conflict, lag 0.00 1.00 0.30 0.46 0.00 628
Prior war 0.00 1.00 0.19 0.39 0.00 0
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Table 5: Observations and ethnic groups by country

Country n  Groups | Country n Gr. | Country n Gr.
Afghanistan 134 8 | Georgia 92 4 | Niger 118 5
Albania 48 2 | Ghana 125 5 | Nigeria 140 6
Algeria 25 1| Greece 75 3 | Pakistan 200 8
Angola 108 5 | Guatemala 61 3 | Panama 100 4
Argentina 25 1 | Guinea 55 3 | Paraguay 25 1
Armenia 46 2 | Guinea-Bissau 69 3 | Peru 75 3
Australia 25 1 | Guyana 50 3 | Philippines 75 3
Austria 25 1 | Honduras 50 2 | Poland 101 5)
Azerbaijan 46 2 | Hungary 25 1 | Romania 91 4
Bahrain 25 1 | India 500 20 | Russia 1007 58
Bangladesh 5 3 | Indonesia 202 12 | Rwanda 25 2
Belarus 69 3 | Iran 275 11 | Saudi Arabia 100 4
Belgium 75 3 | Iraq 60 3 | Senegal 125 5t
Benin 99 4 | Israel 118 5 | Serbia 42 6
Bhutan 50 2 | Italy 125 5 | Serbia and Mont. 121 9
Bolivia 88 4 | Japan 58 3 | Sierra Leone 97 6
Bosnia-Herz. 88 4 | Jordan 50 2 | Singapore 100 4
Botswana 250 10 | Kazakhstan 123 8 | Slovakia 32 2
Brazil 58 3 | Kenya 191 8 | Slovenia 161 7
Bulgaria 74 5 | Kosovo 30 5 | South Africa 300 15
Burundi 42 2 | Kuwait 75 3 | South Sudan 30 10
Cambodia 125 5 | Kyrgyzstan 83 4 | Spain 125 5
Cameroon 150 6 | Laos 150 6 | Sri Lanka 92 4
Canada 75 3 | Latvia 69 3 | Sudan 320 16
CAR 97 6 | Lebanon 275 11 | Switzerland 75 3
Chad 125 5 | Liberia 137 7 | Syria 100 4
Chile 50 2 | Libya 75 3 | Taiwan 68 3
China 898 36 | Lithuania 46 2 | Tajikistan 75 4
Colombia 50 2 | Macedonia 115 5 | Tanzania 80 5)
Congo 147 6 | Madagascar 26 2 | Thailand 65 3
Congo, DRC 291 12 | Malawi 69 3 | The Gambia 25 5
Costa Rica 50 2 | Malaysia 125 5 | Togo 34 2
Cote d’Ivoire 120 5 | Mali 71 3 | Trin. and Tob. 46 2
Croatia 100 5 | Mauritania 75 3 | Turkey 50 2
Cyprus 25 1 | Mauritius 155 8 | Turkmenistan 69 3
Czechoslovakia 16 4 | Mexico 66 3 | Uganda 149 7
Djibouti 44 2 | Moldova 78 4 | Ukraine 115 D
Ecuador 75 3 | Mongolia 25 1 | United Kingdom 175 7
Egypt 37 2 | Montenegro 48 6 | United States 130 6
El Salvador 25 1 | Morocco 50 2 | Uruguay 25 1
Eritrea 82 6 | Mozambique 75 3 | Uzbekistan 69 3
Estonia 69 3 | Myanmar 275 11 | Venezuela 39 2
Ethiopia 196 11 | Namibia 288 12 | Vietnam 225 9
Fiji 33 2 | Nepal 146 6 | Yemen 94 D
Finland 50 2 | New Zeala@d 92 4 | Zambia 175 7
France 75 3 | Nicaragua 75 3 | Zimbabwe 72 6
Gabon 105 6




Table 6: Ethnic targeting (previous year) and conflict onset with prior conflict both as
rebels and incumbent, probit model

(1)
Ethnic targeting ;4 0.826*
(0.360)
Prior conflict (rebel/incumbent) 0.450***
(0.111)
Target * Prior conflict (rebel/incumbent) —0.637
(0.414)
Status excluded 0.348*
(0.096)
Downgraded 0.726**
(0.130)
Log. Population, lag 0.054+
(0.028)
Log. GDPpc, lag —0.129**
(0.033)
Group size 0.390"
(0.231)
Ongoing conflict, lag 0.318*
(0.105)
(Intercept) —1.516™*
(0.322)
Observations 13,508
Akaike Inf. Crit. 1,118.339

Note: Tp < 0.1; *p < 0.05; *p < 0.01; **p < 0.001
Peace-year correction (linear terms, plus 2nd and
3rd order polynomials) omitted, clustered SE
(country).
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Table 7: Ethnic targeting (last 2 years) and conflict onset, probit model

(1) 2) (3)
Ethnic targeting ;1 ¢—2 0.317 0.882*** 0.974**
(0.203) (0.267) (0.315)
Prior conflict (rebel) 0.474
(0.123)
Prior conflict (rebel/incumb) 0.521**
(0.120)
Target * Prior conflict (r) —0.711%
(0.380)
Target * Prior conflict (r/i) —0.773*%
(0.407)
Status excluded 0.301* 0.311** 0.385***
(0.099) (0.098)  (0.098)
Downgraded 0.796** 0.791* 0.742%
(0.127) (0.134) (0.141)
Previous conflicts 0.181**
(0.060)
Log. Population, lag 0.046" 0.038 0.039
(0.028) (0.026) (0.026)
Log. GDPpc, lag 01807 —0.150%*  —0.140"*
(0.036) (0.038) (0.037)
Group size 0.648** 0.613** 0.474*
(0.233) (0.213)  (0.238)
Ongoing conflict, lag 0.356*** 0.382** 0.348***
(0.101) (0.095) (0.098)
(Intercept) —0.921* —1.177 —1.328"
(0.358) (0.363) (0.361)
Observations 13,026 13,026 13,026
Akaike Inf. Crit. 1,000.721 998.053 990.795

Note: Tp < 0.1; *p < 0.05; *p < 0.01; **p < 0.001
Peace-year correction (linear terms, plus 2nd and 3rd order
polynomials) omitted, clustered SE (country).
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Table 8: Ethnic targeting (last 5 years) and conflict onset, probit model

(1) (2) (3)

Ethnic targeting ;1 ;5 0.204 0.781*** 0.896***
(0.143) (0.230) (0.268)
Prior conflict (rebel) 0.390*
(0.150)
Prior conflict (rebel/incumb) 0.407**
(0.135)
Target * Prior conflict (r) —0.800*
(0.426)
Target * Prior conflict (r/i) —0.885*
(0.433)
Status excluded 0.338"* 0.337* 0.378**
(0.110) (0.107) (0.113)
Downgraded 0.891** 0.877** 0.860***
(0.136) (0.144) (0.146)
Previous conflicts 0.129*
(0.062)
Log. Population, lag 0.046" 0.038 0.040
(0.027) (0.026) (0.025)
Log. GDPpc, lag —0.174"*  —0.148"*  —0.138"**
(0.032) (0.034) (0.033)
Group size 0.574* 0.509% 0.416
(0.284) (0.269) (0.288)
Ongoing conflict, lag 0.299** 0.320** 0.299*
(0.104) (0.096) (0.095)
(Intercept) —0.689 —0.891* —1.024*
(0.420) (0.427) (0.404)
Observations 11,348 11,348 11,348
Akaike Inf. Crit. 808.544 804.186 801.513

Note: Tp < 0.1; *p < 0.05; *p < 0.01; **p < 0.001
Peace-year correction (linear terms, plus 2nd and 3rd order
polynomials) omitted, clustered SE (country).
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Table 9: Ethnic targeting (last 2 years) and prior civil wars (Bayesian ordered probit)

Peace;_1 A low;—; A high;
Ethnic targeting; 1 ;o 0.28% -0.41° -0.02
(0.16) (0.21) (0.24)
Low intensity conflict;_; 0.09
(0.12)
High intensity conflict; 0.97*
(0.02)
Status excluded 0.24** 0.17 0.02
(0.09) (0.17) (0.25)
Downgraded 0.82%* -0.18 -0.83**
(0.13) (0.25) (0.10)
Previous conflicts 0.18** -0.28* 0.26
(0.04) (0.06) (0.24)
Log. Population, lag 0.04* 0.08** 0.03
(0.02) (0.03) (0.07)
Log. GDPpc, lag -0.18** 0.15** 0.22*
(0.03) (0.05) (0.10)
Group size 0.61* 0.47* -0.65***
(0.19) (0.20) (0.06)
Ongoing conflict, lag 0.29* 0.58** 0.97*
(0.09) (0.15) (0.02)
AIC 2739.87
BIC 3501.32
Log Likelihood -1268.93
Deviance 2537.87
Num. obs. 13893

Note: Tp < 0.1; *p < 0.05; **p < 0.01; **p < 0.001
Model controls for peaceyears (dummies) and
waryears (3 polynomials).
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Table 10: Ethnic targeting (last 2 years) and prior civil wars (Bayesian ordered probit)

Peace;_1 A low;; A high;

Ethnic targeting;_1 ;o 0.81** -0.97 -0.437F
(0.14) (0.16) (0.22)

Prior conflict 0.50*** -0.70" 0.14
(0.09) (0.14) (0.22)

Targeting * Prior conflict  -0.84*** 0.86™** 0.23*
(0.16) (0.16) (0.10)

Status excluded 0.25* 0.13 0.03
(0.09) (0.17) (0.25)

Downgraded 0.80*** -0.15 -0.78***
(0.13) (0.25) (0.10)

Log. Population, lag 0.03 0.10™* 0.06
(0.02) (0.03) (0.07)

Log. GDPpc, lag -0.16*** 0.13** 0.21*
(0.03) (0.05) (0.10)

Group size 0.57* 0.59* -0.60***
(0.19) (0.20) (0.06)

Ongoing conflict, lag 0.32%* 0.53** 1.08**
(0.09) (0.15) (0.02)

Low intensity conflict; _; 0.13
(0.13)

High intensity conflict; 1.08**
(0.02)

AIC 2744.99

BIC 3529.06

Log Likelihood -1268.49

Deviance 2536.99

Num. obs. 13893

Note: Tp < 0.1; *p < 0.05; **p < 0.01; *p < 0.001
Model controls for peaceyears (dummies) and
waryears (3 polynomials).

41



	Introduction
	Previous Research
	Theory
	Data
	Analysis
	Civil War Onset
	Conflict Escalation

	Conclusion and Outlook

